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Step 1: Construct MotherNets to capture otep 2: Train the MotherNet using the otep 3: Hatch ensemble networks by FPT
the structural commonality entire data set. and further train.
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| MotherNets hatches networks in a function-preserving manner | | Train in fewer number of epochs Navigate accuracy-training time tradeoff )
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MotherNets provide superior accuracy-training time tradeoff across datasets and networks )L More in paper )
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